DEPLOYMENT OF
ML MODELS
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1. train and save a machine learning
model and wrap it in a Flask web
application

2. create a Docker image containing

everything needed to run the
application: the application code,

libraries, tools, dependencies, and other
files

3. containerized application running on

Kubernetes for scalability


https://engineering.rappi.com/serve-your-first-model-with-scikit-learn-flask-docker-df95efbbd35e
https://engineering.rappi.com/serve-your-first-model-with-scikit-learn-flask-docker-df95efbbd35e

ONNX (Open Neural Network Exchange)

m In the majority of use cases ONNX will be the machine learning
interoperability for you.

m One of the notable advantages of ONNX is its ability to transfer
models between diverse frameworks with minimal preparation
and without the need for rewriting the models. ... share models
In a standardized format, promoting collaboration and
reproducibility.


https://medium.com/geekculture/onnx-in-a-nutshell-4b584cbae7f5
https://www.analyticsvidhya.com/blog/2023/07/onnx-model-open-neural-network-exchange/

ONNX (Open Neural Network Exchange)
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https://onnxruntime.ai/images/ONNX Runtime EP1.png



https://onnxruntime.ai/images/ONNX_Runtime_EP1.png

ONNX, Azure
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https://learn.microsoft.com/cs-cz/azure/machine-learning/concept-onnx?view=azureml-api-2

Pickle vs ONNX

m There is nothing inherently wrong with pickling your models.

m When load the python object from the pickle file it will assume all
the packages and functions it calls are the same.

m ONNX converts model to a set of operations that can be
executed directly by the framework.



https://medium.com/@liamwr17/stop-pickling-your-ml-models-use-onnx-instead-983cd4561e3a
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Here is an image depicting the deployment of machine learning models into a production
environment for predictions, created using DALL-E. (Credit to GPT-4)
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